E-KAR: ==
A Benchmark for Rationalizing Natural Language Analogical Reasoning

Jiangjie Chen'?, Rui Xu', Ziquan Fu’, Wei Shi*, Zhonggqiao Li', Xinbo Zhang?, Changzhi Sun?, Lei Li’, Yanghua Xiao' and Hao Zhou?
g
!Fudan University “ByteDance Al Lab °Brain Technologies Inc.

*South China University of Technology University of California, Santa Barbra Project Page

. The E-KAR Benchmark L Preliminary Explorations
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